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ABSTRACT ARTICLE HISTORY
Despite the recognised importance of feedback in enhancing Received 1 May 2024
student learning, feedback practices in higher education have not Accepted 27 February 2025
achieved the expected effects. A primary issue lies in student
disengagement, exacerbated by contextual constraints such as G . .
. . ; enerative Al; feedback
large classgs and .Ilm.lted cur!'lculum space and time. The advent engagement; feedback
of Generative Artificial Intelligence (GenAl) may help overcome literacy; ecological
these contextual constraints. However, GenAl also poses perspective; self-regulation
substantial challenges and ethical dilemmas during the feedback
process. Meanwhile, it is essential to recognise that the feedback
environment created by GenAl inevitably interacts with students’
personal factors, especially their feedback literacy, to jointly
influence feedback engagement. Therefore, a question remains
whether GenAl can be an effective enabler of student feedback
engagement. To answer the question, based on a literature
review and theoretical synthesis, we scrutinise student
engagement with GenAl in three stages of the feedback process
and discuss the interplay of student feedback literacy and the
GenAl context. We suggest that the extent to which students are
engaged with feedback depends on their degree of feedback
literacy as orchestrated in the GenAl context. Finally, we propose
a cyclical feedback framework consisting of feedback
forethought, feedback control and feedback retrospect to enable
student feedback engagement in a GenAl world.

KEYWORDS

Introduction

Feedback refers to ‘information given by an agent ... regarding aspects of one’s perform-
ance or understanding’ (Hattie & Timperley, 2007, p. 102). It is regarded as an essential
element in teaching and learning, contributing to students’ learning improvement across
nations. However, there remains a paradox regarding feedback worldwide: Why is feed-
back theoretically powerful yet apparently ineffective in classrooms (Hattie & Clarke,
2019)? The major problem is that students are not engaging with the information pro-
vided. Even with high-quality information, students won’t improve unless they actively
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receive, understand, and act on it (Winstone et al., 2017). Contextual constraints such as
large classes, limited curriculum space and time, and staft’s heavy workload are common
impediments to student feedback engagement in higher education (Henderson et al.,
2019; Winstone & Carless, 2019). These contextual constraints may be overcome
through the creative use of technology in the feedback process (Deeley, 2018).

Generative Artificial Intelligence (GenAlI) has started to be applied to assessment
and feedback in higher education (Rudolph et al., 2023). GenAT utilises large language
models, which are extensive artificial neural networks pre-trained on vast quantities of
text to generate human-like writing. GenAlI has six potential affordances for education
acknowledged by researchers, namely interactivity, anxiety-reduction, communicative
authenticity, student-centeredness, repetitive practice and ubiquity (Jeon et al., 2023;
Rawas, 2024). These affordances allow GenAlI tools to deliver feedback information on
students’” work in more engaging and adaptable human-like conversational inter-
actions (Ali et al., 2023). However, GenAl also poses substantial challenges and
ethical dilemmas in the feedback process like biased or misleading information, pla-
giarism and overdependence on technology (e.g., Dawson, 2021; Kasneci et al,
2023; Su et al., 2023; Thorp, 2023). Therefore, understanding how to effectively lever-
age GenAl while mitigating its risks is essential for enhancing student feedback
engagement.

More importantly, it is crucial to understand that the feedback environment fostered
by GenAl invariably interacts with students’ personal factors (e.g., their abilities, desires
and expectations, prior knowledge and experiences, maturity), resulting in joint effects
on their feedback engagement (Han, 2019; Nieminen et al., 2022; Shen & Chong,
2023). Among students’ personal factors, their feedback literacy warrants particular scru-
tiny since effective feedback engagement requires much skill and effort from students
(van der Kleij, 2020). Student feedback literacy refers to the knowledge, skills, and atti-
tudes they require to interpret information and apply it for the improvement of their
work or learning strategies (Carless & Boud, 2018). Feedback-literate students can over-
come the barriers they encounter during the reception, perception, interpretation, and
use of feedback (van der Kleij, 2020).

Although students are likely to be attracted to GenAl, our understanding of how they
can effectively use feedback through engagement with this technology remains limited.
Furthermore, it remains unclear how student feedback literacy interacts with the feed-
back environment, particularly one fostered by GenAl, to influence students’ feedback
engagement. This study seeks to address these knowledge gaps through a detailed
exploration of the theoretical framework, analytical processes, and key insights outlined
in this paper.

The paper starts with a review of the current literature on feedback engagement. It
then outlines the method to construct a theoretical framework, which leads to scrutinis-
ing how a GenAlI context influences student feedback engagement at the stages of elicit-
ing, processing and enacting feedback. The paper also delves into an exploration of the
interaction between student feedback literacy and the GenAlI context in shaping their
feedback engagement. Two contrasting examples are provided to help readers better
understand such interplay. Ultimately, a pathway for enhancing student feedback
engagement within the realm of GenAlI is proposed. The paper aims to contribute to
the discussion on the enabling roles of GenAl in feedback engagement by contemplating
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how to achieve a positive alignment between the feedback environment created by GenAI
and student feedback literacy and triggering further empirical research on the applica-
bility and effectiveness of the proposed pathway in feedback practices.

Student feedback engagement

Student feedback engagement involves how students receive, perceive, interpret, and utilise
the information provided to them (Handley et al., 2011). As a complex concept, it includes
various aspects and cannot be easily categorised (Zhang, 2022). The systematic examin-
ation of student feedback engagement in higher education was first conducted by
Handley et al. (2011). They analysed feedback engagement by considering both ‘readi-
ness-to-engage’ and ‘active engagement’. Readiness-to-engage pertains to the willingness
to invest time and effort in completing written assignments and reviewing feedback.
Active engagement, on the other hand, involves thoughtful reflection on feedback activities,
such as asking questions and interacting with feedback providers. Feedback engagement
can be visible by overt actions, such as asking questions about the work assessed, and invis-
ible by covert actions, such as reflection. The widely used categorisation of feedback
engagement is based on the tripartite model of engagement proposed by Fredricks et al.
(2004), namely, behavioural, cognitive and affective dimensions (e.g., Ellis, 2010; Shen &
Chong, 2023; Zhang, 2022). Cognitive engagement refers to how students interpret and
pay attention to feedback, while affective engagement involves their emotional reactions.
Behavioural engagement encompasses whether and how students respond to the feedback.

In the literature, student feedback engagement has surprisingly not been specified
regarding different stages of the feedback process. Malecka et al. (2022) classified the
process of feedback into three stages: eliciting, processing and enacting. The embodiment
of active engagement may vary from one stage to another of the feedback process due to
the different focus of each stage. For example, the focus of eliciting feedback is to under-
stand assessment criteria and seek help, so active engagement may involve more overt
actions such as asking questions and seeking clarification. At the stage of processing feed-
back, the major focus is to make sense of the gained information and make a strategic
follow-up plan. Therefore, active engagement can be visible, such as interaction with
other people to better understand the feedback or invisible, such as critically judging
and reflecting on the obtained information.

Theoretical framework of student engagement with GenAl feedback
Method of developing a framework

To construct a framework for understanding student engagement with feedback from
GenAl, we utilised deductive reasoning. Deductive reasoning often involves starting
with established theories or frameworks and applying them to specific contexts or
cases to derive insights (Creswell & Creswell, 2017; Redmond et al., 2018). This approach
allows us to begin with established theories underpinning student feedback engagement
and then apply them to our specific context of GenAl in higher education.

The development of our framework involved four steps: literature search, analysis,
adaptation, and refinement. First, the first author conducted a thorough review of
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feedback engagement literature, focusing on key theoretical perspectives such as socio-
cultural theory (e.g., Ellis, 2010), social constructivism (e.g., Malecka et al., 2022),
social-materialism (e.g., Gravett, 2022), and ecological perspectives (e.g., Chong,
2021). These perspectives were compared to identify which best addressed both contex-
tual and individual factors influencing feedback engagement identified in the literature.
The ecological perspective was chosen for its comprehensiveness, covering contextual
factors and individual factors and highlighting the interplay between these factors
(Chong, 2021; Han, 2019). However, existing ecological frameworks (e.g., Chong,
2021; To, 2022) primarily focus on traditional learning environments and do not
account for GenAls transformative impact on learning resources, actions, and
relationships. To address this gap, the first author adapted the ecological framework
to reflect the uniqueness of the GenAI context and its interplay with individual
factors, especially student feedback literacy. The initial framework was finally refined
through peer feedback from the other authors.

A framework

An ecological perspective perceives humans as organisms intricately connected to and
influenced by their surrounding environments (van Lier, 2004). While resources
embedded in the environment provide opportunities for action, it is not guaranteed
that action will occur. Individuals must, therefore, possess the ability to perceive these
potential actions and intend to act upon them (van Lier, 2004). Underpinned by an eco-
logical perspective, for feedback opportunities to be realised in a temporal and situated
context, students need to acquire corresponding skills and dispositions (i.e., feedback lit-
eracy). Therefore, the positive alignment between individuals and their environments
plays a crucial role in determining how students engage with feedback (Chong, 2021;
To, 2022; Zhang, 2022). Consequently, a tentative framework for student feedback
engagement with GenAl (Figure 1) is proposed to theorise how the opportunities and
constraints in the feedback environment created by GenAl influence student feedback

Feedback environment »
created by GenAl
(opportunities and
constraints)

Individual's feedback
literacy specific to
Synergizing GenAl contexts

v v

Students’ feedback engagement in a GenAl context

Eliciting . Processing . Enacting
feedback feedback feedback

Figure 1. A framework for student engagement with GenAl feedback.
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engagement throughout a process from eliciting and processing to enacting. It also con-
siders student feedback literacy specific to the GenAl context and its positive interplay
with the feedback environment created by GenAl in the mechanism of student feedback
engagement.

This tentative framework offers a process view of feedback engagement which is
different from Chong’s (2021) holistic model of student feedback engagement. The
process view identifies opportunities and constraints of GenAlI at each feedback stage,
enabling educators and researchers to tailor scaffolds for stage-specific feedback engage-
ment. The illustrations are made in the section titled ‘Influence of GenAl on student
feedback engagement’. Furthermore, the framework highlights the specificity of
student feedback literacy in the GenAl context and the role of its synergy with the
GenAl context in enhancing student feedback engagement, which is explored in the
section titled ‘Interaction between GenAl context and student feedback engagement’.

Influence of GenAl on student feedback engagement
At the stage of eliciting feedback

Feedback eliciting is a key initial stage of feedback processes: students are more likely to
act on comments they have sought themselves. It is a proactive search for evaluative
information about performance from people, materials, or the learning environment
(Leenknecht & Carless, 2023). Students who are actively engaged in this stage exhibit
both learning and performance goals and adopt monitoring and inquiry strategies to
address issues they have identified with respect to their own work and learning needs
(e.g., Jensen et al., 2023; Leenknecht et al., 2019).

Student feedback engagement in the eliciting stage has been found to be constrained
by issues such as lacking time and access to teachers and studying under a top-down
culture. Milan et al. (2011) reported that lack of time on the ward and the instructor’s
unapproachability prevented medical students from eliciting feedback during their clerk-
ships. Areemit et al. (2021) found that a top-down culture from teacher to student hin-
dered students’ feedback eliciting.

GenAlI can offer a vehicle through which students can potentially overcome the above-
mentioned contextual constraints while eliciting feedback. It is readily accessible at any
time of the day without scheduling conflicts, which often occur with human instructors
(Hwang et al., 2022). Students can seek inputs as often as needed without delay (Lee et al.,
2022) and without their access being monitored by others. In addition, GenAI can
provide a less intimidating environment for students who might otherwise be hesitant
to seek feedback due to social anxieties or fear of human criticism under a top-down
culture. For example, Tai and Chen (2024) found that students were less concerned
about making language mistakes when working with Chatbots and felt more at ease in
performing a learning task since they knew that Chatbots were artificial, not real persons.

GenAl is an on-demand and personalised tool, so specific requests (prompts) must be
given to receive feedback (Wongvorachan et al., 2022). The effectiveness of its use relies
heavily on the quality of the prompts asked by the students (Bearman et al., 2024). If a
student does not know how to formulate effective prompts, the information they
receive from the GenAI might not be useful or relevant to their learning needs. This
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could potentially lead to frustration or disengagement in the subsequent feedback elicit-
ing. In addition, we should be aware that the quality of GenAlI feedback can vary signifi-
cantly across different versions in response to the same request (Wu et al., 2023).
Accessing the latest version of GenAl tools typically requires a subscription, which
may exacerbate the digital divide among students (Bozkurt et al., 2023). This disparity
could lead to student disengagement when seeking feedback if they are using an older,
less capable version of GenAl tools. Another issue is the language used in feedback-
seeking. GenAlI has been trained on datasets that dominantly reflect US standardised
English conventions (Bender et al., 2021). This may prevent non-English speaking stu-
dents from seeking feedback because they may not gain satisfactory feedback by using
prompts written in a mother tongue rather than English. Furthermore, students may hes-
itate to seek feedback from GenAI due to their concerns about the leakage of their data
(e.g., assignments), privacy and intellectual property (Bearman et al., 2024; Rawas, 2024).

At the stage of processing feedback

Feedback processing involves students’ managing and making sense of information gath-
ered from various sources, both human and non-human (Malecka et al., 2022). It
involves evaluating whether the received information is valid, as well as other factors,
such as the credibility of the source. Therefore, students who proactively engage in
this stage tend to communicate with other people to understand the information received
(Nicol, 2010) and make evaluative judgments, that is, ‘make decisions about the quality of
work of oneself and others” (Carless & Boud, 2018, p. 467). Such engagement may be
visible or invisible to outsiders. In addition, students at this stage may be emotionally
reflexive in regulating their emotions to think critically about the received feedback
and its credibility (Bearman & Ajjawi, 2023).

In conventional feedback scenarios, students often encounter cognitive and affective
barriers in processing feedback. They may have decoding problems due to the use of
complex academic language by teachers or the lack of comprehensible details in
their comments (Winstone & Carless, 2019). Moreover, the traditional teacher—
student relationship often creates a power imbalance in which the teacher is seen as
an authority figure to which the student is subordinate. This imbalance can pose a sig-
nificant barrier to communication, making students hesitant to reveal their uncertain-
ties and reach out to their teachers for clarification or to discuss the information they
receive in more depth (Zhan, 2019). Meanwhile, students often exhibit negative
emotional responses such as embarrassment, frustration and disappointment or defen-
sive reactions (e.g., anger and ignorance) when they receive critical comments on their
work (Winstone et al., 2017).

GenAl probably helps reduce cognitive barriers in processing feedback. Although
GenAl and algorithmic decision-making processes are increasingly criticised for their
black-box nature, explanatory cues in the information provided by GenAI (if prompted
by students) might help students assess the quality of explanations (Shin, 2021). As
suggested by Nicol (2010, p. 507), ‘students requesting feedback based on their own con-
cerns empowers them more than just receiving feedback’. In a GenAl feedback environ-
ment, students gain power by taking initiative in the feedback process, which gives them
a greater sense of control and confidence. Since the feedback requests are made by
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themselves, students may be more inclined to respond to the information they receive.
Meanwhile, GenAl can provide immediate feedback upon request, which is always
regarded as crucial for enhancing student engagement in online and distance learning
environments (Hepplestone et al., 2011). As a consequence, students can immediately
clarify any confusion they have about complex academic jargon or getting what they
hope for.

GenAI also has the potential to lessen the emotional obstacles arising from processing
feedback. Students’ interaction with GenAlI may cause less anxiety than interaction with
humans, such as teachers and peers, because they do not have to handle human relation-
ships in any encounter. When interacting with GenAl, some studies show that students
had no concern about embarrassing themselves or bothering other humans, so they
tended to be more willing to process the obtained feedback (e.g., Huang et al., 2023;
Rad et al., 2023; Tai & Chen, 2024).

However, GenAl has limitations which impede students’ agentic engagement in feed-
back processing. Thorp (2023) argues that GenAl may provide inaccurate, unintelligible
or fabricated responses to students’ prompts. Essien et al. (2024) also highlighted the
issues of reliability and validity encountered with GenAlI tools. They identified the ‘hal-
lucination effect’, where ChatGPT sometimes generated responses that were wrong or
not suitable for the context. Furthermore, GenAl depends heavily on training data,
and when the data has biases, it could generate inappropriate and unjust feedback on stu-
dents’ work (Rawas, 2024). If students blindly trust the feedback provided by GenAl,
their engagement could be superficial or discouraged (Bearman & Ajjawi, 2023).

Meanwhile, GenAl sometimes provides general and overlapping feedback, necessitat-
ing further clarification (Su et al, 2023). GenAl cannot clarify questions unaided
(Rudolph et al., 2023). Therefore, students need to iteratively determine if they ask appro-
priate and relevant prompts and adjust their prompts to get the desired information
(Bearman et al., 2024). The above-mentioned limitations demonstrate that students
cannot place great trust in the outputs of GenAl, and they need to exercise evaluative jud-
gement skills in assessing GenAl outputs and processes (Bearman et al., 2024). As with
human feedback, GenAlI is not necessarily always a benevolent source of feedback. Last
but not least, although GenAI may create a less intimidating space for feedback, it is
essential to recognise that over-reliance on GenAl may inadvertently limit students’
exposure to real-world feedback interactions and discourage them from engaging with
humans in classroom learning or workplace communication scenarios.

At the stage of enacting feedback

The stage of enacting feedback requires students to act upon their interpretation of the
comments that they have received to produce subsequent work that closes the feedback
loop (Carless & Boud, 2018). Therefore, student feedback engagement in this stage can be
visible in exemplifying new learning, such as revising work (Malecka et al., 2022). What is
not visible is their self-regulation of the revision process and their application of will-
power to overcome the obstacles in uptaking feedback, as these are internal processes
(Winstone et al., 2017; Zhan, 2022, 2023).

Students need motivation, opportunities, and resources to use the feedback inputs
they receive for improvement (Shute, 2008). In the traditional feedback environment,
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students have low motivation and limited chances and resources to enact feedback. Stu-
dents often get end-of-semester comments on assignments, which limits the scope of stu-
dents’ application of their insights from the comments and leaves them nowhere within
the course to practice their new understandings (Winstone & Boud, 2022). Teachers’
workload pressures may also prevent them from giving revision chances to students or
following up on students’ revisions (Winstone & Carless, 2019). Another barrier to stu-
dents’ feedback enactment is that students receive judgements about their work without
useful suggestions that would lead to improvement (Henderson et al., 2019). Last but not
least, students may lack self-regulated learning skills to monitor their revision process
(Winstone et al., 2017). The traditional feedback environment may not be conducive
to students developing their self-regulated learning skills because feedback is always frag-
mentary and disjointed, making it difficult for students to consistently gather and use it
effectively (Malecka et al., 2022).

GenAl can be used to create a feedback environment conducive to students’ enact-
ment of feedback. Upon students” feedback requests, GenAl provides feedback infor-
mation to students almost instantaneously, which can stimulate their reflection on
their current work and encourage them to take further actions to revise it. It can also
support students with the application of these insights to their future work (Lee et al.,
2022; Rad et al., 2023; Wongvorachan et al, 2022). Moreover, GenAl can provide
much information regarding students’ expressed needs during subsequent revisions.
The iterative and cyclical process of reflection and feedback enabled by GenAl allows stu-
dents to synthesise feedback from different episodes, create their feedback loops and
monitor their progress towards their self-defined goals for improvement. Furthermore,
GenAl provides personalised suggestions for students in non-judgemental language
through a user-friendly interface (Huang et al., 2023; Wongvorachan et al., 2022) and
could even directly revise students’ work or correct their mistakes if requested
(Kasneci et al., 2023).

However, there is a substantial risk that students become over-reliant on GenAI’s sug-
gestions (Anson, 2024). As it simplifies the process of getting answers, students might
uncritically accept its revisions without fully understanding them. Kasneci et al. (2023)
suggest that this uncritical acceptance of information provided by GenAI might lead
to a less thorough understanding of the subject matter. Moreover, using GenAlI technol-
ogy in academic settings raises questions of academic integrity (Wise et al., 2024). As
Dawson (2021) notes, rules about what constitutes acceptable and unacceptable use of
technology in academic contexts can be subjective and socially constructed. This
means that what is considered proper use of GenAl in one context might be seen as inap-
propriate in another. Therefore, it is important to develop students’ ability to understand
and navigate these contextual boundaries. They need to know when it is appropriate to
use GenAl, when it is not, and why this is the case.

Interaction between GenAl context and student feedback literacy on
student feedback engagement

The above discussion reveals that GenAI’s affordances do not necessarily lead to in-depth
student feedback engagement. For such affordances to be realised, there should be ‘a
match between the environment and agent’ (van Lier, 2004, p. 96). In this section, we
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examine the interaction between student feedback literacy and the GenAl-created feed-
back environment. We focus on the alignment and misalignment between the extent of
students’ feedback literacy and the GenAl-created feedback environment. To provide a
clearer illustration of such interaction, we present two contrasting examples of students
who participated in a trial use of GenAl in the first author’s university. These students
utilised ChatGPT 3.5 to receive feedback on their IELTS (an international English
language test) writing tasks, with Student A displaying low feedback literacy, while
Student B demonstrated high feedback literacy.

During the stage of feedback eliciting, students employ GenAlI tools like ChatGPT to
request feedback according to their own learning needs and concerns. This approach can
strengthen students’ proactivity and responsibility in the feedback process, thereby
enhancing their engagement. However, if students cannot write effective prompts to
elicit feedback, their engagement in this stage will be ineffective, and they will be discour-
aged in the subsequent stages. For instance, after Student A and Student B finished their
IELTS writing tasks, they submitted them on ChatGPT 3.5 to get comments for writing
improvement. Student A asked a very broad or vague question (e.g., Can you give me
feedback on my IELTS writing task?). ChatGPT provided general information that
Student A deemed useless. On the other hand, Student B asked a very specific or well-
structured question (e.g., Act as if you are an IELTS writing examiner, please provide
feedback on how I can improve to achieve a score of 7 in grammar diversity and accuracy
according to the IELTS scoring criteria.). ChatGPT accordingly provided useful infor-
mation on her grammatical errors. This example reveals that Student B’s ability to
write prompts aligns well with the personalised feedback feature of ChatGPT, while
Student A lacked such ability. Such ability to write prompts should be added to the set
of feedback-eliciting capacities and enrich our understanding of feedback literacy in a
GenAl world. To utilise the affordances of GenAl, students need to learn how to write
specific prompts against assessment criteria to make their requests responsive to their
feedback needs. Teachers should provide guidance and training on engineering
prompts, and students need to internalise this process and make it their own through
practice. Meanwhile, students need to develop GenAlI expertise through training about
where their submitted work is stored and handled by GenAI and how to customise
GenAl to suit their own feedback needs.

During the stage of feedback processing, although GenAlI can provide rapid and
specific feedback information, it sometimes provides biased and vague information,
which requires students to exercise evaluative judgement and emotional reflexivity
(Bearman & Ajjawi, 2023). For instance, Student A could not judge the information pro-
vided by ChatGPT appropriately and received the ChatGPT input without further
inquiry. Therefore, due to a lack of evaluative judgement or a desire to proceed
further, students may blindly trust or mistrust information provided by GenAl. They
either passively receive the provided feedback or make incorrect evaluations. When
they get lost in the provided information or are swayed by persuasive remarks, students
may not write follow-up prompts for further clarification and inquiry. Consequently,
GenAT’s enabling role in student feedback engagement is limited. On the contrary,
Student B critically judged the quality of the GenAIl feedback on her writing and
acknowledged the potential bias of GenAl In her interaction with ChatGPT, she made
follow-up requests when she felt unsure and even used Google to check the source of
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information. The example of Student B reveals that students with high feedback literacy
may actively participate in processing obtained feedback since they exercise evaluative
judgement on how GenAl feedback contributes to a particular task and regulate their
trust level to a balanced point. If they doubt the information received, they may write
follow-up prompts to make further judgements and clarification or even seek another
source. Developing students’ evaluative judgement is crucial for them to work with
GenALl It requires students’ critical assessment of the quality of GenAl outputs, especially
hallucinated comments and the utility of the prompts they use to interrogate GenAl
(Bearman et al., 2024).

During the stage of feedback enacting, although GenAlI provides personalised sugges-
tions, it could be unethically used by students or reduce their willingness to take action.
For instance, Student A could not monitor his revisions and was not committed to
making changes. He directly copied ChatGPT’s revision to gain high marks. Although
he took action to make some revisions, his superficial involvement and overreliance
on ChatGPT could harm his long-term writing skills. In contrast, Student B was aware
of academic integrity issues and the improvement imperative of feedback. She had
self-regulation skills to monitor her revisions by observing how ChatGPT revised the
work and evaluating whether her work was improved by incorporating its suggestions.
Student B’s engagement was deep and enabled her to realise the learning function of
ChatGPT feedback. Therefore, student feedback literacy at the stage of uptake of feed-
back needs to be congruent with the positive affordances of GenAl to foster deeper
engagement (Han, 2019). Students’ feedback enactment in the context of GenAlI high-
lights the critical and ethical use of GenAlI feedback, which also poses a new requirement
for feedback literacy.

A pathway for student feedback engagement enhancement in the context
of GenAl

The cyclical self-regulation learning model

The above discussion reveals that a mismatch between an individual’s feedback literacy
and the affordances provided by the GenAl environment could lessen the enabling role of
GenAl in feedback engagement. The challenge is constructing synergies between individ-
ual students’ feedback literacy and the GenAl feedback environment. A pathway is
suggested here based on a cyclical self-regulation learning model, which consists of
three sequential phases, namely forethought, performance control and self-reflection
(Zimmerman, 2000).

The forethought phase involves goal setting and planning for learning or task
execution. The performance control phase entails active engagement in the task and
implementing the strategies devised in the forethought phase. It involves self-monitoring
and behavioural adjustments to maintain alignment with the task objectives. The final
phase, self-reflection, involves a critical evaluation of one’s performance after completing
the learning task, which subsequently informs future planning and strategic adjustments.
The cyclical self-regulation model is applicable for enhancing student feedback engage-
ment in the context of GenAl, as it emphasises students’ exercising their agency to adapt
to the new feedback environment.
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The cyclical self-regulation feedback model

Figure 2 illustrates a cyclical self-regulation feedback model consisting of feedback fore-
thought, feedback control and feedback retrospect. This feedback self-regulation process
is interwoven with the three stages of feedback processes: eliciting, processing and enacting.

Feedback forethought is the initial phase, where students set feedback goals and plan
strategically based on their personal learning needs and understanding of GenAI’s capa-
bilities and limitations. This could involve identifying learning weaknesses, deciding on
the kind of feedback needed from the GenAl system, and understanding how best to
interact with GenAlI to get the desired feedback. Once goals are set, the next phase
involves self-observation and self-monitoring of the feedback process through interact-
ing with GenAl. As students begin to receive feedback information from GenAl, they
observe their prompts and GenATI’s responses and continuously assess the quality of
their prompts and the quality of the information they receive. Students judge whether
they are asking the appropriate prompts to get what they need and whether they can
apply this to their learning. Accordingly, they refine their interaction with GenAlI to
get more useful feedback. The final phase is self-reflection on the feedback received.
This involves considering the effectiveness of GenAI-generated feedback, the interaction
with GenAl, the learning and revision strategies used, and the outcomes achieved.
Through reflection, students can enhance their feedback strategies and develop their
ethical awareness of using GenAlI feedback.

The phases of self-regulating feedback are cyclical, beginning with the phase of feed-
back forethought, where students set goals and make plans. This lays the groundwork for
self-control of the feedback process through self-observation and self-monitoring. After
completing the feedback practice, students reflect on the entire process and generate
insights to feed back into the forethought phase. Students’ reflection on the whole feed-
back process enables them to set new and updated feedback goals and strategies for the
next cycle. This cyclical process ensures that feedback generated from GenAl is iterative
and progressive, fostering continuous engagement and development.

Phase I: Feedback forethought
(Feedback goal setting and
strategic planning based on

personal feedback needs and
understanding of GenAI’s
affordances and limitations )

Phase II: Feedback control

(Self-observation and self- L

monitoring of the feedback ( Sel;‘-e:;?lse}z:ic;n -
process through interacting with P
GenAlL) feedback functioning
i with GenAl)

Figure 2. A cyclical self-requlation feedback model for student feedback engagement enhancement
in the context of GenAl.
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Application of the cyclical self-regulation feedback model

The application of this cyclical self-regulation feedback model highlights that feedback
processes need to be self-regulated in the context of GenAlI (Ali et al., 2023). To facilitate
this, teachers should assist students in defining their individual feedback goals before
seeking feedback. They also need to teach students metacognitive strategies for planning,
monitoring, and evaluation through modelling. Meanwhile, teachers should provide
ample opportunities for students to engage with GenAl tools for feedback purposes.
This engagement allows students to reflect on how to leverage these tools for their
self-development. By doing so, students can enhance their feedback literacy, which is
crucial for effectively navigating the novel feedback environment created by GenAl. Ulti-
mately, the positive alignment between students’ feedback literacy and the GenAlI feed-
back environment fosters greater student feedback engagement.

This model has multiple applications for educators and researchers, particularly in
terms of employing it to systematically investigate and monitor student feedback engage-
ment in a GenAl context. By identifying the primary challenges at each stage of the self-
regulated feedback process, educators and researchers can design responsive and well-
structured interventions to facilitate students” adaptation to the feedback environment
shaped by GenAl. Future research could explore the application of this model in disci-
pline-specific feedback situations and analyse how students’ engagement with feedback
from GenAl tools evolves over time.

Conclusions

GenAI can potentially enhance student feedback engagement since it can provide rapid
personalised feedback, enable ongoing interaction, afford repeated practice and trace the
whole feedback process. However, it also poses substantial challenges and ethical dilemmas.
If students are not properly trained or misuse GenAl, it could inhibit their engagement and
learning. We suggest that GenAI can be a new enabler of student feedback engagement if it
is orchestrated with what students bring, especially their feedback literacy. Our paper paves
the way for future research aimed at augmenting student feedback engagement and, ulti-
mately, improving learning outcomes in an educational landscape increasingly saturated
with GenAl. Given that the application of GenAl in feedback practices is still in its early
stage, any current conceptualisations should remain provisional as GenAl evolves.
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